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To investigate the mechanisms of interaction of particles on structurally inhomogeneous surfaces, the
influence of surface morphology, distribution of interacting particles and their mobility on_the mechanisms of
ongoing processes, various modeling approaches are widely used. The paper presents the results of comparison of
kinetic, statistical and fractal parameters changing in the process of heteroannihilation of particles distributed
chaotically and multifractally on a simulated structurally inhomogeneous surface. To simulate the complex
behavior of particles in time and space during heteroannihilation with, changes in their mobility across the
surface and various interaction probabilities, a class 1V probabilistic cellular automaton method was applied.
Based on the gmuation results, it is shown that the interaction probability, initial distribution, and mobility of
interacting particles influence the formation of kinetic modes._at different iterations of the heteroannihilation
process. It was found that a decrease in the mobility of interacting particles leads to a longer preservation of
spatial heterogeneity in the system. An increase in the mobility of interacting particles and the probability of their
interaction increases the rate of change in the fractal dimensionality and the rate coefficients of
heteroannihilation kinetics. Decrease of fractal. dimensionality during heteroannihilation is accompanied by
decrease of asymmetry and increase of excess characterizing shape and degree of symmetry of distribution of
interacting particles. At the same time, large values of asymmetry and excess indicate a significant deviation from
the normal distribution of interacting particles on the surface.

Keywords:heteroannihilation, fractal. kinetics, fractal dimensionality, structurally inhomogeneous surface,
multifractal analysis, interaction probability.

1. Introduction

To investigate the interaction mechanisms of particles distributed on structurally inhomogeneous
surfaces, various ‘modeling approaches can be used to take into account the distribution of molecules, the
interaction radius, the ‘ratestof running processes, the surface morphology, thermodynamic and statistical
characteristics of the system. Such approaches include methods of fractal and multifractal analysis, which
can be_used “to. describe numerically the evolution of complex systems, the mechanisms of processes
occurring in_them;.to identify the factors affecting the behavior of structurally inhomogeneous systems, to
establish.empirical relationships between fractal parameters and experimentally determined microstructural
characteristics; to describe the inhomogeneous fractal object by means of the spectrum of fractal dimensions,
to establish ‘connection between geometrical, statistical and kinetic parameters of the system, to identify the
type and number of interacting particles in the considered system [1-3]. In addition, fractal and multifractal
analysis are widely used in the study of luminescence kinetics and electron excitation energy transfer
processes in various media and on surfaces with different topologies [2,4-8], fermentative processes [9], the
dynamics of intracellular reactions [10-12], and others.

2. Theory and research methods
Various experimental studies have shown that the kinetics of processes in structurally inhomogeneous

media cannot be explained by the law of acting masses because of the anomalous, time-dependent behavior
of the rate constant [7]. The key factor in this special behavior is the reaction probability.
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For example, according to the approach proposed by Kopelman to describe the kinetics of all diffusion-
controlled reactions (reaction order > 2) in inhomogeneous media, the dependence of the rate coefficient on
time is described by the equation [7]:

k(t) =ky-t™" (1)

where kg is the rate constant in classical kinetics, t is time (t > 0), h is a fractal parameter or measure of
system dimensionality (0 < h <1). The fractal parameter h in the Kopelman equation increases with
increasing concentration of obstacles and particles that undergo transformations in the interaction. In this
case, the individual influence of the concentrations of obstacles and interacting particles is cumulative with
time. Schnell and Turner, who consider fractal kinetics, the rate coefficient of which follows the Zipf-
Mandelbrot distribution, propose another dependence of the rate coefficient on time:

Ko
(r+th’

k(t) = 0<h<1 2)

In equation (2), the parameters ko, and h have the same value as in equation (1), and r is a positive
constant that represents the time after which the reaction is affected by inhomogeneitiesin the distribution of
molecules, such as clusters of molecules [13]. In addition, a number of works have found that the diffusion
anomaly and fractality of Kinetics increase with increasing medium density, decreasing the mobility and size
of interacting particles or obstacles [14-17]. In accordance with this, in‘this paper, we compare and contrast
the kinetic, statistical and fractal parameters of the processes -occurring on the simulated structurally
inhomogeneous surface with chaotically and multifractally distributed interacting particles on it. The method
used in this work allows to standardize the description of thedoss kinetics of interacting particles on surfaces
of different structure and morphology.

In this work we consider a model of a surface with inhomogeneously distributed interacting particles of
two varieties (4 u B) on it, which form disordered structures of different topology at the initial moment of
time and as a result of heteroannihilation. The interest in this kind of systems is related to the need to
understand the most general regularities in the behavior.of complex nonlinear dynamical systems that reveal
a self-consistent tendency towards critical regimes [4-10,18].

Disordered structures on the surfaceswere modeled by introducing the probability of filling the surface
nodes with molecules of each variety.. The modeled surface and the particles of the two varieties distributed
on it were used to simulate the heteroannihilation process described by the equation of the form A+B—0.
The particles considered in the“simulation are analogs of donors and acceptors of electron excitation
energy.In modeling the heteroannihilation process, it was assumed that all particles are mobile. Particle
mobility was modeled as diffusion motion in a randomly chosen direction. To change the mobility of the
particles, the temperature of the simulated surface was varied in the range 193-281K. When distributing the
particles over the surface and:modeling their mobility, it was taken into account that two particles cannot
occupy the same position“onsthe surface at the same time. To simulate the complex behavior of interacting
particles on a simulated surface in time and space at a given probability of interaction in the considered
temperature interval and to reproduce the processes of heteroannihilation, the method of probabilistic cellular
automata of class:l\V was used [5, 6]. A cellular automaton is a discrete dynamic system whose behavior is
completely determined by a set of local rules. The dynamics of cellular automata of class 1V depends on the
peculiarities of the initial distribution of interacting particles. Some initial distributions may lead to
degeneration of the automaton, others to the emergence of a cyclic sequence of states, others to continuously
changing activity patterns of interacting particles. In the process, various spatiotemporal structures may
emerge, change shape, and die. In the same environment qualitatively different processes with different
direction of evolution may arise. Application of cellular automata allows to describe nonlinear processes
observed in the system under consideration in discrete language, considering that the measured quantity itself
can take a finite set of values. The using of 1V class probabilistic cellular automaton method for modeling
heteroannihilation processes between particles of different varieties at any iterative step results in
simultaneous changes in the state of the whole system. This allowed in the present paper to take into account
the connection between the state of the system at the microlevel and changes at the macrolevel during
computer modeling. The lattice model was used to simulate random wandering of particles involved in the
process of heteroannihilation, energy migration along the donor subsystem and its annihilation in the donor-
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acceptor pair when two particles of different varieties approach to a distance equal to the interaction radius.
The structure of the modeled surface was specified by the number of nodes and lattice dimension. The
dynamics of heteroannihilation processes on the modeled surface depended on the temperature of the system
under consideration, the activation energy, the initial concentration of particles of each variety, and the
nature of their initial distribution on the surface.

An iteration time (N), was chosen as the time step for modeling the processes of annihilation occurring
on the surface, representing the act of moving a particle to a neighboring free node on the surface and
interacting with a particle of a different sort located in the neighboring node of the simulated surface
(interaction radius) with a given probability. The position of interacting particles at each step of iteration was
varied synchronously with the number of free nodes in the nearest neighboring cells. After that the number
of remaining particles of each kind was counted.The analysis of the modeled system at different iterations
was performed using the multifractal analysis (MFA) method, which allows estimating the fractal.parameters
of the matrix, such as the generalized Renyi fractal dimensions Dg, the ordering parameter 4, the
heterogeneity parameter h, and the entropy of the systemS. The heteroannihilation process was.modeled at
different interaction probabilities (from 20% to 100%). An interaction probability equalto 100% corresponds
to the instantaneous annicc yjb6hilation of a pair of particles of different species located at a distance of the
interaction radius, while a decrease in the interaction probability allows the modeling of longer-lived pairs.
The interaction probability between particles at a distance greater than the interaction radius was assumed to
be 0%. All modeling results presented in this work included 3000 iterations on a.500x500 knot lattice. The
degree of surface coverage by particles of the two varieties was 40%. The ratio of particles of different types
was varied in the ratios 1:1, 1:2, and 1:5. No additional kinetic modes were“observed at iterations greater
than 3000 for the selected lattice size and degree of surface coverage:by the particles under consideration.
The program used for simulation was written in C++.

3. Results and discussion

A system representing inhomogeneously distributed particles on a structurally inhomogeneous surface
can be considered as a multifractal set consisting of subsets with different fractal dimensionality
characterizing the degree of spatial filling of the multifractal set. A change in the filling probability of fractal
subsets leads to a change in the kinetic dependences and characteristics of the processes occurring in such
systems. Taking this into account, wheh considering the kinetics of heteroannihilation on a structurally
inhomogeneous surface, several fractal subsets with different distribution patterns can be distinguished.The
total number of such subsets will be considered equal toK, and the fraction of particles of sort 4, distributed
over such subsets will be considered equal toA;, A, As,..,Ax. For different fractal subsets the following
distributions of particles A and.B relative to each other are possible: 1) particles of kind A have no particles
of kind B in the nearest coordination spheres.This case will correspond to the longest decay time (zy), 2) the
number of particles of/kind 4 <the number of particles of kind B that are at a distance of the interaction
radius (the first coordination sphere). This case corresponds to the shortest decay time (zk). All other types of
distributions in which the interaction zone of particle A contains several particles of kind B will be
intermediate, the decay time for which (z) corresponds to the conditiont; < t; < k. This approach allows
us to approximate the Kinetic dependence by the sum of exponents in the form:

1 = T, Aevn, ®3)

In this case, if the distance between A and B is greater than the interaction radius, the exponent in
formula (3) must contain a value that depends on the medium dimensionality, the concentration of the
interacting molecules, and the interaction radius. This approach can also be used to study the processes of
remote radiation-free energy transfer, contact quenching of luminescence, reversible capture of charge
carriers by traps, and others [2].

Taking into account the presence of different kinetic modes in the fractal subsets of the system being
modeled, the fractal, statistical and kinetic parameters at different iterations that characterize the change in
the distribution of interacting particles during heteroannihilation were calculated. The fractal dimension dy,
was chosen as a fractal parameter, asymmetry and excess were used as statistical parameters, and the
velocity coefficient kwas used as a kinetic parameter. Fractal dimension, or Hausdorff dimension, is a



Physics and Astronomy 83

quantitative characteristic of a set of points in n-dimensional space, showing how densely points fill a
subspace when their number becomes very large. Excess and asymmetry have been used to describe the
shape and degree of symmetry of the distribution of interacting particles. Calculations of fractal
dimensionality, excess and asymmetry were performed using the Gwyddion software [19].

In determining the fractal dimensionality we considered the set of points Fembedded in the Euclidean
space E,of dimension n> 1. n=1,2,3,...,an arbitrary arbitrarily small number &> 0, defining an n-
dimensional-cube in the space E,. The minimum number ofn-dimensional &-cubes covering the set of points
F with the accuracy £ denote N,(£).Then, the expression for the fractal dimension of the set F will be [18]:

. In(N,,
df = d¢[F] = —limg_,, nin (8(;)). 4)

From formula (4) we see that for Euclidean space E, the fractal dimension dy = n. In the general case
ds=n. Negative values ofd; characterize the degree of emptiness of the set. The limit in formula (4) exists if
the set F has the property of self-similarity or scale invariance.If the number of pointsdnran n-dimensional &-
cube with number iis denoted by ni(e), then we can determine the probability that'a randomly taken point
from the set is in an n-dimensional &-cube with numberi by the formula:

: i(e)
p; (e)= thn(e)ﬂoo % (5)

Accordingly, p;(e)in formula (5) characterizes the relative population of n-dimensional &-cubes in the
spaceE,. If the distribution of points in the cells is unequal, then the fractal is inhomogeneous, i.e. it is a
multifractal. In general case, multifractal is characterized by some.nonlinear function [20]:

InZ(q,€)
Ing

1(q) = limg_,q ,where — o < q < 4o, (6)

determining the behavior of the statistical sum Z(g, &)for € — 0:

2(q.8)= T pl(e)rem® (7)

Taking this into account, surfaces with multifractal and chaotic initial distributions of interacting
particles were modeled and the process of heteroannihilation was simulated using the probabilistic cellular
automaton of class 1VV. When modeling a surface with an initial chaotic distribution of interacting particles,
the Randomize random number generator was used to select the coordinates of particles on a planar lattice.
The change in the entropy of the system was chosen as a criterion for multifractal formation, the decrease of
which indicated the formation‘of surface structures differing from each other by statistical parameters such as
homogeneity and_.ordering. " The change in the statistical characteristics of the particle distribution over the
modeled surface as a result of heteroannihilation can be estimated using the function f(a), which describes
the Hausdorff dimension spectrum of homogeneous subsets of the original set, which is a multifractal:

f(@) = qa—=1(q); where a = d;—(:). The homogeneous subsets that give the largest contribution to the

statistical sum/(7) for a given g are taken into account. The spectrum of generalized fractal dimensions of
Renyi Dy, =% < g < +oo, whose calculation methodology is described in detail in [5, 21, 22, 23], can be
used to analyze changes in the fractal parameters of the particle distribution during heteroannihilation of
particles on the modeled structurally inhomogeneous surface. The values of the parameter g determine the
contribution to the statistical sum (7) of cells with different particle densities: from cells with the lowest
particle density and low probability of their filling (g—-) to cells with the highest particle density and high
probability of detection of such cells (g—). The function D,(q) is monotonically increasing with
increasing q. Thus, for a homogeneous fractal all generalized fractal Renyi dimensions will coincide. The
parameters Dy, D, were the most informative for the purposes of this paper. D, is calculated at g=0 and
represents a constant value, which can be considered as a rough parameter for a multifractal. The calculated
value of the fractal dimension D; at g=1 characterizes the rate of increase in the amount of information with
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decreasing scale of the investigated structure. The numerical values of the parameters D,, D, did not exceed
2.36.

The examples of simulated surfaces with initial chaotic and multifractal distributions of interacting
particles at temperature T=273K and interaction probabilities of 100% and 20% in different iterations
(N=100 and N=2000) are presented in figure 1.

Fig.1. Changes in the distribution of interacting particles on the modeled surface at the temperature T=273K and
interaction probabilities of 100% (a, b, €, f).and 20% (c, d): a), c), €) - number of iterations N=100, b), d), f) - number of
iterations N=2000. Initial distribution of interacting particles is chaotic (a, b, ¢, d) and multifractal (e, f)

The normalized kinetic*curves for the simulated heteroannihilation process at temperatures T=193K,
237K and 273K and interaction probabilities equal to 20% and 100% are shown in Figure 2 for the cases
with initial chaotie.and/initial multifractal distributions of interacting particles.
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Fig.2. Normalized Kinetic curves for the simulated heteroannihilation process with initial chaotic (curves 1',2',3") and
initial multifractal (curves 1,2,3) distributions of interacting particles at temperatures 193K (curves 1 and 1Y), 237K
(curves 2 and 2", 273K (curves 3 and 3") and interaction probabilities 20% (a) and 100% (b)
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In Figure 2 the initial number of particles of kind A on the modeled surface is Co, C=C(N) s the number
of particles of kind A for each N-th iteration of the simulated heteroannihilation process As can be seen from
Figures 1 and 2, the interaction probability, the initial distribution of interacting particles, and the
temperature-dependent mobility of interacting particles affect the formation of kinetic modes at different
iterations of the heteroannihilation process.

Figure 2 shows that the influence of the initial distribution of interacting particles is most pronounced at
lower temperatures (193K and 237K) and lower values of interaction probability (20%). This may be due to
the anomalous nature of diffusion of interacting particles over the simulated surface and dependence of the
"diffusion coefficient” K(r) of a particle on the distance r between its current and starting positions: K(r) =
r?, where 6 is the index of anomalous straying on the modeled surface [24].This is confirmed by the
observed dependence of fractal dimensions on the number of iterations (Figure 3). The decrease in ddn
Figure 3 is associated with an effective decrease in the number of space points available, to the diffunding
particle.
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Fig.3. Changes in fractal dimension of the simulated system during heteroannihilation for the initial chaotic
(curves 1',2',3,4" and multifractal (curves 1,2,3,4") distributions at'20% (curves 1,1',3,3") and 100% (curves 2,2',4,4")
interaction probabilities and 193K (curves 1,1',2,2")and 273K (curves 3,3',4,4") temperatures. Inset: change in fractal

dimensionality during heteroannihilation for the initial.chaotic (curve 2") and multifractal (curve 2) distributions at
100% interaction probability.and 193K temperature

The values of fractal dimensions at 193K remain higher at 20% and 100% probabilities compared with
the same data for 273K. This indicates that in.the distribution of interacting particles at low temperatures the
spatial heterogeneity persists longer.<At the same time, as seen in the inset to Figure 3, the values of fractal
dimensions at low temperatures, for the initial chaotic distribution remain lower than for the initial
multifractal distribution over the whole<considered time interval. Thus, an increase in the mobility of
interacting particles, interactionyprobability, and changes in the free volume available to interacting particles
leads to a sharper changein the fractal dimensionality, and, consequently, to a change in the fractality of
heteroannihilation.kinetics. This.conclusion is consistent with the results of other works, e.g. [9, 25].

Similar trends are observed in the changes in asymmetry and excess during heteroannihilation (Figure
4). Large values of asymmetry and excess indicate a significant deviation from the normal distribution of
interacting particles over the surface. A positive excess means that the outliers in the data are more intense
than for'the normal distribution. A distribution with significant negative asymmetry has a long tail to the left
of the mathematical expectation. At the same time, comparison of the dependencies presented in Figures 3
and 4 shows that decrease of fractal dimension as a result of heteroannihilation leads to decrease of
asymmetry. and increase of excess. Analysis of the kinetic dependences of the modeled heteroannihilation
process showed the existence of two different velocity regimes at different time intervals: the short-term
interval (N<1500) and the long-term interval (N>1500). The calculations showed that the values of the
velocity coefficients at both the short- and long-time intervals depend on the initial distribution of interacting
particles, their mobility, and the interaction probability.As the mobility of particles increases, the velocity
coefficient for the short-range interval increases for both multifractal and chaotic initial distributions. The
only exception is the case with the multifractal initial distribution at the interaction probability of 20%, for
which the decrease of the rate coefficient with the increase of mobility of interacting particles was observed.
This can be due to anomalous diffusion of interacting particles, caused by formation of local stable structures
on the surface, limiting rapprochement of particles.
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Fig.4. Changes in asymmetry (a) and excess (b) of the simulated system during heteroannihilation for the initial chaotic
(curvesl',2',3',4" and multifractal (curves 1, 2,3,4") distributions at interaction probabilities 0f 20%.(curves 1,1',3,3") and
100% (curves 2,2',4,4") and temperatures of 193K (curves 1,1',2,2") and 273K«(curves 3,3'4,4")

For the long-time interval for both the chaotic and multifractal .distributions, regardless of the
interaction probability, the velocity coefficient decreased as the particle mability increased. The ratio of
velocity coefficients for the short- and long-time intervals increased as the mobility of particles increased,
irrespective of the interaction probability. The observed trends inssimulations of interaction processes of
particles on a structurally heterogeneous surface indicate the fractal nature of the kinetics with different
degrees of fractality depending on the particle mobility, interaction. probability and initial distribution of
interacting molecules, which is in agreement with the results of other works [9, 26, 27].

4. Conclusion

In this paper the process of heteroannihilation in.a-system representing a structurally inhomogeneous
surface with chaotically and multifractally distributed on it particles of two kinds at the initial moment of
time is modeled by the method of probabilistic cellular automata of class IV. Comparison of Kinetic,
statistical and fractal parameters calculated for the considered system has shown their dependence on
interaction probability, mobility of /interacting particles and character of initial distribution of interacting
particles throughout the considered. iteration interval. The analysis of fractal dimensions at different
iterations of the heteroannihilation process allowed to establish that the distribution of interacting particles at
low temperatures retains spatial inhomogeneity longer, which is associated with a change in the fractality of
the kinetics of this process:

The effect of .the initialudistribution of interacting particles is most pronounced at lower temperatures
(193K and 237K) and. lower.values of the interaction probability (20%). This may be due to the anomalous
diffusion character.of the interacting particles, caused by the formation of local stable structures on the
surface, limiting the convergence of the particles. In this case, the values of fractal dimensions at low
temperatures for the initial chaotic distribution remain lower than for the initial multifractal distribution
throughout the considered iteration interval. An increase in the mobility of interacting particles, interaction
probability, and changes in the free volume available for interacting particles leads to a sharper change in the
fractal dimensionality and, consequently, to a change in the fractality of the heteroannihilation kinetics.
Analysis of the kinetics of heteroannihilation showed the existence of two different rate regimes at different
iteration intervals. Thus, the method used in this work allows us to standardize the description of the loss
kinetics of interacting particles on surfaces of different structure and morphology.

Acknowledgments
Moldanazarova Ulserik was supported by the grant AP14972893 from the Committee of Science of the Ministry of
Science and Higher Education of the Republic of Kazakhstan.



Physics and Astronomy 87

REFERENCES

1 Vertyagina Y., Marrow T.J. Multifractal-based assessment of Gilsocarbon graphite microstructures. Carbon,
2016, Vol. 109, pp. 711 — 718. doi:10.1016/j.carbon.2016.08.049.

2 BodunovE.N. Kinetics of luminescence attenuation of nanocrystals: physical models and approximation by
the sum of three exponents. Optics and spectrosc., 2023, VVol.131, pp.100-103. d0i.10.21883/0S.2023.01.54545.91-22.

3 MwemaF., Tien-Chien J. Statistical and Fractal Description of Defects on Topography Surfaces. MATEC
Web of Conferences, 374, 01001 (2023) ICARAE2022. doi. 10.1051/MATECCONF.2023.37401001.

4  Bryukhanov V.V, et al. Effect of Temperature on the Rate of Triplet-Triplet Annihilation of 1,2-
Benzanthracene in a Polymer Matrix. Journal of Applied Spectroscopy, 2004, Vol. 71, pp. 54— 59. doi:10.1023/
B:JAPS.0000025348

5 BaktybekovK., KarstinaS., Vertyagina E., Myrzakhmet M., Akimbekov E. Dependence of accumulated
luminosity of thermostimulated luminescence on type of the electron-hole center distribution in a crystal. Journal of
Luminescence, Vol. 122-123, 2007, pp. 374 — 376. do0i:10.1016/j.jlumin.2006.01.194.

6 Karstina S.G., Markova M.P., Bryukhanov V.V. Homo- and Heteroannihilation of Triplet-Excited Bengali
Rose and Anthracene Molecules on Silica in a Wide Temperature Range. Journal of Applied Spectrascopy, 2003, Vol.
70, pp. 733-739, doi: 10.1023/B:JAPS.0000008871.70120.d4.

7  BagnichS.A.. Migration of triplet excitations of complex molecules in disordered media and in systems with
limited geometry. Solid State Physics, 2000, Vol. 42, pp. 1775-1801. https://doi.org/10.1134/1:1318866.

8 PituliceaL., Vilasecad E., IsvoranaA., et al. Aspects Of Fractal Kinetics Of Enzymatic'Reactions By Monte
Carlo Simulations. Annals of West University of Timisoara Series Chemistry, 2011, Vol. 20(2), pp. 95-104.

9 GrimaR., Schnell S. A systematic investigation of the rate laws valid in intracellular environments. Biophys.
Chem., 2006, Vol. 24, pp. 1 — 10, doi: 10.1016/j.bpc.2006.04.019.

10 Grima R. Schnell S. How reaction kinetics with time-dependent rate ‘coefficients differs from generalized
mass action. Chem.phys.chem., 2006,Vol. 7, pp. 1422 — 1424, https://doi.org/10:1002/cphc.200600081.

11 Turner T.E., Schnell S., Burrage K. Stochastic approaches for modeling in‘vivo reactions.Comput. Biol. And
Chem., 2004, Vol. 28, pp. 165 — 178. doi: 10.1016/j.compbiolchem.2004.05.001.

12 Kopelman R. Fractal reaction Kkinetics. Science, “1988, “VWol. 241, pp. 1620 - 1626.
doi:10.1126/science.241.4873.1620.

13 Schnell S., Turner T.E. Reaction kinetics in intracellular ‘environments with macromolecular crowding:
simulations and rate laws. Progress in Biophysics and Molecular Biology, 2004, Vol. 83, pp. 235-260, doi:
10.1016/j.pbiomolbhio.2004.01.012.

14 Zhdanov V.P. Simulation of enzymatic cellular reactions complicated by phase separation. Physical Review
E, 2000, Vol. 63, pp. 0119081 — 0119086. doi:10.1103/PhysRevE.63.011908.

15 Isvoran A., Vilaseca E., Ortega. F., et al. About implementing a Monte Carlo simulation algorithm for
enzymatic reactions in crowded media. JSCS, 2006, Vol. 71, pp. 75 — 86. d0i:10.2298/JSC0601075I.

16 Isvoran A., Unipan L. Fractal kinetics of enzymatic reactions in three dimensional crowded media. A
computational study. Annals of West University.of Timisoara, Series of Chemistry, 2007, Vol. 16, pp. 121 — 126.

17 Berry H. Monte Carlo simulations oftenzyme reaction in two dimensions: Fractal kinetics and spatial
segregation. Biophysical J, 2002, VVol. 83, pp. 1891 — 1902. doi: 10.1016/S0006-3495(02)73953-2.

18 Zelenyi L.M., Milovanov A.V. Fractal topology and strange kinetics: from percolation theory to problems in
cosmic electrodynamics. Successes “of. _physical sciences, 2004, Vol. 174, No. 8, pp. 809- 852,
d0i:10.1070/PU2004v047n08ABEH001705.

19 Necas D., Klapetek'P. Gwyddion: An open-source software for SPM data analysis, Cent. Eur. J. Phys, 2012,
10(1), pp. 181-188. https://dol.org/10.2478/s11534-011-0096-2.

20 BozhokinS.V.,(Parshin D./A.Fractals and multifractals. Moscow-Izhevsk, 2001, 128 p.[in Russian].

21 Karstina, S.G., et al. Analysis of the Luminescence Decay on the SiO, Surface at Different Temperatures
within the Multifractal Formalism. Russ Phys. 2005, 48, pp. 553-558. d0i:10.1007 /s11182-005-0169-z.

22 Karstina, 'S:G. Computer Modelling and Description of Stablemolecular Cluster Formation Dynamics in
Dispersion Matrix Using.Multifractal Analysis. Eurasian phys. tech. j., 2017, VVol. 14, No. 2(28), pp. 27-30.

23 Karstina S.G., Baktybekov K.S., Baratova A.A. Thermodynamical and Kinetical Formation’s Conditions of
Firm Fractal Structures on the Surface. Nonlinear world, 2007, No. 3 (5), pp. 133-138.

24 _<Kucherenko M.G., Ignatiev A.A. Kinetics of diffusion-dependent annihilation of quasiparticles on fractals
under conditions of their correlated initial distribution. Electr. scientific journal "Researched in Russia", 2006, 138p.

25 FanJ., Wang L., LiuF., LiuZ., LiuY., Zhang S. Model of Moisture Diffusion in Fractal Media. Thermal
science, 2015, Vol. 19, No. 4, pp. 1161- 1166. doi:10.2298/TSCI1504161F.

26 Popov A.A,, Lee S.C., Kuksa P.P., et al. Parallel Algorithm for Large Fractal Kinetic Models with Diffusion.
Biorxiv, 275248. doi: 10. 1101/275248.

27 Ben-Avraham D., Havlin S. Diffusion and reactions in fractals and disordered systems. Cambridge
University Press, London, 2000, 316 p. https://doi.org/10.1017/CB09780511605826.

Article accepted for publication 15.05.2023


https://www.sciencedirect.com/journal/carbon/vol/109/suppl/C
https://doi.org/10.1016/j.jlumin.2006.01.194
https://doi.org/10.1002/cphc.200600081
https://doi.org/10.1126/science.241.4873.1620
https://doi.org/10.1126/science.241.4873.1620
https://doi.org/10.2298/JSC0601075I
http://dx.doi.org/10.1070/PU2004v047n08ABEH001705
http://www.springerlink.com/content/21716522802h0404/
http://www.springerlink.com/content/21716522802h0404/
https://doi.org/10.2298/TSCI1504161F
https://doi.org/10.1017/CBO9780511605826



